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DNF counting illustratesfundamental connection
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Two errors we needto bound
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But using say Im sampler ECE ri a Efm

With samples we get approx to ECF

since ri big 3 ECE big
MonteCarlo Thm OfEIenff samplessuffice

Thmi Aven a FPAUS for sampling Iss one can construct

a FPRAS for Iss

Approach works for many selfreducible problems

Anotherexample counting matchings in agraph

Again E e em

Gi V Ei where Ei e ei

incest MCI YhYE ffffaymnk.tlMlGmnf

Likebefore µmf 3

Big question remains how to construct approx sampler




